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Open Vocabulary Object Detectors are powerful But are they immune to backdoor attacks?
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We show that TrAP is:

Clean Image Poisoned Image Clean Image Poisoned Image «» Effective: High ASR, low

_ e | g~ poisoned mAP.

' Stealthy: Small trigger, improves
clean mAP.

Efficient: 100x fewer parameters
than fine-tuning.

Generalizable: Works on
multiple datasets, on two OVOD
models (Grounding DINO and
GLIP).

Works for multiple attacks:
Object Misclassification,
Disappearance, and

Hallucination.
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